In this paper we have considered some univariate distributions and their frailty models, such as Gamma frailty model, Weibull frailty model, generalized exponential frailty model, Exponential power distribution as frailty model, Log normal frailty model. In all these frailty distributions we have obtained maximum likelihood estimates of the parameters of the simulated data and used M. C. Method.
INTRODUCTION
Parekh et.al. (2016) have considered discrete frailty models, we extended the frailty models for different continuous distributions such as Gamma, Weibull, Generalized exponential, Exponential power and Log normal frailty models. Section 2 deals with Gamma frailty model in which we have derived m.l.e. of the parameters of simulated data. In section 3 we considered Weibull frailty model. Section 4 discusses Generalized exponential frailty model. Section 5 deals with Exponential power distribution as frailty model and in section 6 we considered Log normal frailty model.
GAMMA FRAILTY MODEL
The gamma distribution has been widely applied as a mixture distribution (e.g. Vaupel et al., 1979; Congdon, 1995; Hougaard, 2000) . From a computational and analytical point of view, it fits very well to failure data because it is easy to derive the closed form expressions of unconditional survival, cumulative density and hazard function. This is due to the simplicity of the Laplace transform and due to its uses in most applications. It is a flexible distribution that takes a variety of shapes as varies such as when = 1, it turns out to exponential distribution and when kis large, it takes a normal distribution. The use of gamma distributions for frailties in time-to-event data analysis is suggested by Abbring and van den Berg (2005) . The gamma distribution under mild regularity assumptions, a large class of frailty model converges to it.
As frailty cannot be negative and the gamma distribution and also the log-normal distribution is the most commonly used distributions to model variables that are necessarily positive. Furthermore, it turns out that the assumption that frailty at the beginning of the follow-up is gamma distributed yields some useful mathematical results. This includes the following (1) Frailty among the survivors at any time t is gamma distributed with the same value of the shape parameter as at birth or at beginning of follow-up. The value of the second parameter, however, is now given by + 0 ( ), where 0 ( ) denotes the cumulative baseline hazard function.
(2) Frailty among those who die at any age t is also gamma distributed, with the same parameter + 0 ( )as among those surviving to t but with shape parameter (k+1). In particular, it follows that the mean frailty among the deaths at age t is 
SIMULATION STUDY OF FRAILTY GAMMA DISTRIBUTION
To evaluate the frailty model of gamma distribution we carried out a simulation study of 5000 observations simulated from gamma distribution with p.d.f.
MAXIMUM LIKELIHOOD ESTIMATOR OF PARAMETER OF GAMMA DISTRIBUTION
Likelihood function of simulated values 1 , 2 , … , 5000 of gamma distribution is
, where ̅ = ∑ , ̃= (∏ =1 ) With the above simulated values from weibull distribution, we get following estimates ofparameter a and a n d their standard errors in 
MLE OF COX MODEL WITH BASE LINE WEIBULL DISTRIBUTION AND GAMMA FRAILTY
Let survival time follows weibull distribution with parameters ( , ) with p.d.f. as The estimate of 2 is 0.29455722, which is inverse of shape parameter of frailty distribution.
GENERALIZED EXPONENTIAL DISTRIBUTION AS FRAILTY MODEL
The Generalized exponential distribution is used in place of exponential distribution as frailty model. We give below the p.d.f., ( ); survival function, ( ); hazard function, ℎ( ) and cumulative hazard function, ( ). 
SIMULATION AND ESTIMATION OF THE DISTRIBUTION
Let (0 < < 1) be assumed. Since survival time ( ) will be also in (0, 1) then equating ( ) = and since ( ) for generalized exponential distribution is
Simulating the values of t by giving values of = 2, = 0.1
http://journals.uob.edu.bh We observed that the estimates of and are more stabilise when sample size increases. Thus ̂= 1.9508322 and ̂= 0.0993446 with their standard error as 0.0410658 and 0.0015708 respectively and 2 = 0.512601.
EXPONENTIAL POWER DISTRIBUTION AS FRAITY
We consider exponential power distribution as more general form of exponential distribution and give below the p.d.f., ( ); survival function, ( ); hazard function, ℎ( ) and cumulative hazard function, ( ).
SIMULATION AND ESTIMATION OF THE DISTRIBUTION
Let (0 < < 1) be assumed. Since survival time ( ) will be also in (0, 1) and hence ( ) for Exponential power distribution by equating ( ) = is
We Generate 5000 values of t by using random numbers 1 , 2 , …, 5000 (0 < < 1) For getting M.L.E., the likelihood will be derived as under http://journals.uob.edu.bh We observed that the estimates of and are more stabilise when sample size increases. Thus,̂=1.9655672and ̂= 0.0108654with their standard error as 0.0235542and 6.1228649× 10 −4 respectively and 2 = 0.508758
LOG-NORMAL FRAILTY MODELS
Log-normal frailty models are mostly used in modelling dependence structures in multivariate frailty models, e.g., Flinn and Heckman (1982) have also applied the log-normal distribution in univariate cases. Two variants of the log-normal model exist. We assume that a normally distributed random variable W to generate frailty as Z = e W . The two variants of the model are given by the restrictions EW = 0 and EZ = 1, where the first one is much more popular in the literature. Unfortunately, no explicit form of the unconditional likelihood exists. Consequently, estimation strategies based on numerical integration in the maximum likelihood approach are required.
SIMULATION AND ESTIMATION OF LOG NORMAL DISTRIBUTION
The p.d.f. of log normal distribution of t is Now, we obtain the estimates of the parameters of , and their standard errors using simulation in the following table   TABLE 6. ESTIMATES OF THE 
CONCLUSION
By considering different univariate continuous frailty models and using Monte Carlo method for simulated data, we obtained m.l.e. of the parameters of frailty models with their standard errors. Further the estimate of the variance of the base line distribution has been obtained.
